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Abstract 
The sustainability of higher education institutions is affected various things, 
particularly by student satisfaction and the financial stability of the institution. An 
analysis of student attrition and retention plays a vital role in assessing the 
sustainability of a higher education institution. 

Using suitable analysis techniques to do success profiling of prospective and 
current students is crucial for students and institutions alike. Success/risk estimation 
is essential for any higher education institution (HEI), because determining such 
factors can assist higher education institutions in fulfilling their obligation to provide 
support, guidance and interventions for their prospective and existing students. 
Strategic decisions in this regard, by both students and institutions, should be based 
on valid and reliable profiles. The validation of established profiles increases the 
accuracy of existing profiles and increases the efficiency of institutional strategic 
planning. 

This article reports on the validation of a success profile for first year Accounting 
students established by the authors of this article in an earlier study in an open and 
distance learning (ODL) environment at the University of South Africa. 
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1 Introduction and background 
The determination and validation of the profile of successful first year Accounting students 
should be seen against the background of the wider debate on student retention, concern 
about attrition rates, in higher education institutions (HEIs) specialising  in ODL  in 
particular, and concerns about the pass rate of individual modules in higher education. 

Student retention in public higher education is a contentious issue. There are increasing 
concerns about the cost of student failure to both the students and the institution. Issues that 
may affect student failure include the alleged poor quality of matriculation results, low 
general level of preparedness of students enrolling for ODL, and ‘dumbing down’ of 
students by outcomes-based education (OBE). There are multitude of myths, rumours, 
perceptions, claims and counter-claims in this regard (Du Plessis, Prinsloo & Müller 2005; 
Sadler & Erasmus 2005). The debate on student retention also includes expressions of 
concern that an attempt will be made to address poor student retention by a lowering of 
academic standards in HEIs.  

Simpson (2003:1) discusses various elements that play a role in the debate on student 
retention. He explores the impact of the widening of student participation in higher 
education, and especially in ODL. He claims that poor retention has always been an issue of 
concern in ODL, due to the distinctive character of ODL, and the social make-up of 
students who enrol for distance education. There is also a growing emphasis on the cost-
effectiveness of HEIs and the financial benefits of through-put to both the HEI and its 
students. The traditional view that student drop-out is due to factors beyond the control of 
the institution is no longer accepted as true, if it ever was true. Educational institutions and 
funding agencies, as well as students themselves, are therefore increasingly demanding 
higher retention rates. 

The discourse on student retention in general covers different aspects and phases of 
students’ learning and registration experience, namely recruitment, retention and 
reclamation. If an institution has a very clear (albeit temporal) understanding of the profile 
of successful students in a particular field or subject, it can plan and strategise accordingly. 
The converse is also true; namely that an institution without a clear understanding of the 
characteristics of successful students will find it much harder (if not impossible) to plan and 
strategise for effective interventions. 

In the strategic planning that HEIs do, student support and interventions to increase 
student success rely on the validity of risk and success profiles. It is therefore important to 
validate the reliability of existing profiles continuously. This article reports on the testing of 
the hypothesis that the risk and success profile found by Du Plessis et al. (2005) is valid. 
The article also explores what, if the profile is valid, the implications thereof are for 
teaching first year Accounting in an ODL institution. 

 This article  
 provides a brief overview of the debate on student retention in higher education; 
 briefly recaps the background to and findings of earlier research undertaken by the same 

authors and reported in an article in The South African Journal of Higher Education (Du 
Plessis et al. 2005); 

 explains the need for validating the previously established success profile in Accounting 
studies and elaborates on the selection of an appropriate analysis methodology which is 
suited to the accounting data environment; 
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 discusses the analysis methodology implemented in this research; 
 reports on analysis results and  
 proposes some recommendations. 

2 Literature review 
The current international discourse on student retention is essential background to this 
study on the validation of the factors influencing student success in first year Accounting in 
an ODL environment. In first year Accounting at the University of South Africa (Unisa), 
there appears to be a direct relationship between student attrition in first level modules, and 
programme attrition. As is discussed later in the article, both modules in first year 
Accounting are core modules in the curriculum for both the Bachelor of Commerce (B 
Com) and the Bachelor of Accounting Science (B Compt). Failing in these modules 
inevitably extends the time students will take to complete their commercial degrees. 

There have been increasing numbers of international reports on and investigations of 
student attrition over the last few years. International examples include the following:  

 ‘Retention and wastage in further education and higher education’, a UK study done in 
Scotland (Hall 2001); 

 ‘Student retention, support and widening participation in the north east of England’, a 
UK study, focusing on the north east of England (Dodgson & Bolam 2002); 

 ‘A study of non-completion in undergraduate university courses’, a UK study focusing 
on Ireland (Morgan, Flanagan & Kellaghan 2001); 

  ‘Factors affecting successful student completion in a career oriented program’, an 
Australian study (Stewart 2004) and 

 ‘Student expectations and university interventions – a timeline to aid undergraduate 
student retention’, a Welsh study (Fitzgibbon & Prior 2003). 

Student attrition refers to the non-completion of a course or failure by students of a course 
or subject, or a programme level or degree. Student attrition at the programme level is 
assumed to be directly related to attrition at the prescribed course or module level. First 
year Accounting is a compulsory course in all B Com and B Compt degrees. Student 
attrition in first year Accounting therefore has a direct impact on the through-put rate of 
these degrees. The entry requirements for the B Compt degree state that students have to 
have passed mathematics at matriculation level, with at least 40% on higher grade or at 
least 50% on standard grade, or they have to have passed an equivalent examination in 
mathematics. Alternatively, they need to have passed at least QMG101 or one other module 
in Statistics or Mathematics I (excluding MAT011) for a B Com or other degree, or for 
non-degree purposes (NDP), before they are allowed to register for any modules at the 
second year level as part of the B Compt degree (Unisa Calendar 2004). Mathematics at the 
matriculation level is not a prerequisite for registering for the B Com degree. 

A wide variety of terms are used to describe non-completion. Non-completion is referred 
to as ‘wastage’, ‘drop-out’, ‘exits’, ‘attrition’, ‘withdrawal’, ‘non-persistence’ and ‘non-
continuation’ (McGivney 1996:21). Moxley, Najor-Durack and Dumbridge (2001:37) 
define student retention as  

the process of helping students to meet their needs so that they will persist in their education 
towards the achievement of the educational aims they value. Retention can achieve this through 
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the mustering of support systems that enable students to be successful, and the lowering or 
elimination of those factors that can disrupt a student’s education, and that can ultimately result 
in their failure to achieve the educational aims they want.  

It is crucial to comment on a number of aspects in the above definition. Firstly, the 
institution will be ‘helping students to meet their needs’ so that ‘they will persist’ (authors’ 
emphasis). The institution therefore plays a supportive role in helping students to attain 
their aims. The learning contract between institution and an individual student is initiated 
by the student. Secondly, the institution supports students in two ways: by making the 
attainment of their goals possible through well-developed and supported learning 
experiences, and by eliminating elements that may hamper a student’s attempts. It must be 
recognised that events that have an impact on a particular student’s studies may be beyond 
the control of the institution, but they may be within the control of the student. The 
institution’s responsibility is therefore to make students aware of the problems they may 
face in attaining the outcomes they desire (Dodgson & Bolam 2002:12).  

The support that the institution delivers, or aims to deliver, can be given at different 
stages or phases of the student ‘life cycle’. The support during the ‘life cycle’ consists of 
pre-entry advice and guidance, admission and induction in the first term/semester, the 
provision of teaching materials throughout the course, and, finally, assistance in finding 
employment and/or with the student’s progression to further degrees. 

In the broader context of higher education, student retention is widely researched and 
discussed. One example of such a study is the report published by the Scottish Council for 
Research in Higher Education. This report by Hall (2001:iv), ‘Retention and wastage in 
further education and higher education’, documents research literature in Financial 
Education and higher education in the UK from 1995 to 2001.  Hall (2001) shows that 

 retention rates differ according to the education sector, the age of the student, the course 
level, the subject or course, and the socio-economic group the student comes from;  

 data on student retention is often of poor quality and may be inaccurate or misleading; 
and 

 reasons for student drop-out operate at the level of the individual student, and at the 
institutional and supra-institutional levels. 

Hall’s (2001:36) report also warns that ‘widening access is likely to result in increasing 
levels of student drop-out’. 

More specifically, the report shows that reasons for leaving higher education are usually 
complex and varied; and that there are often multiple reasons. There is some evidence that 
retention rates and reasons for leaving differ according to the subject studied. This may be 
because of the demands of different programmes, but this phenomenon could also be 
influenced by the style of teaching required in, or the demands made by, certain subject 
areas. There is also evidence to suggest that a range of factors can influence student 
retention in higher education. Some operate at the level of the individual student 
(motivation, ability and other personal characteristics and circumstances). Others operate at 
the institutional level (quality of advice, guidance and general quality of provision); and yet 
others operate at the supra-institutional level (finance and other socio-economic 
factors).The report (Hall 2001:36) also suggests that these factors operate differently for 
students of different ages, and that different factors influence ‘early’ leavers and ‘later’ 
leavers. Younger students are more likely to have made a poor choice of course and to they 
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mention that programme difficulty as a possible reason for dropping out. By contrast, 
mature students are more likely to leave because of external circumstances. Early departure 
may be more strongly influenced by social integration, while later departure may be more 
strongly influenced by course style and content and the ability of the student to cope with 
these factors. While the evidence is not conclusive, there is a strong suggestion that 
counselling, or other specific forms of intervention, can help students who are ‘at risk’ of 
withdrawing from their course to stay and to complete their course successfully. 

Woodley (2004), however, raises a concern that retention and through-put in distance 
education is essentially very different compared to that in residential HEIs. He warns 
against pathologising student drop-out in distance education, as he argues that student drop-
out is ‘under-conceptualised and under-theorised’ (Woodley 2004:49).   

An overview of the literature dealing with the different factors influencing the success 
rate in elementary Accounting studies has been provided by a number of studies, including 
the study by Du Plessis et al. (2005). As indicated in these studies, the researched factors 
are numerous, for example, the impact of gender, race, and age. The applicability of these 
research findings depends on the different research methodologies used in the different 
contexts, for example, in residential or distance education.  

Knowledge of which factors relate to success in elementary Accounting studies may 
contribute to the implementation of appropriate interventions at various stages of students’ 
registration cycles in order to improve student retention in Accounting studies. ‘Student 
dropout (sic)…is a multi-causal problem that requires multiple partial solutions’ (Woodley 
1987, quoted by Simpson 2003:15).  

Since Du Plessis et al. (2005) did a literature review to compile an initial risk profile, no 
research has been published to discredit the original foci used in drafting the risk profile. 
Recent research in the international domain includes research by Monem (2007) on the 
impact of tutorial solutions on student performance in a residential Australian setting. 
Monem’s (2007) study found that although students demanded the release of tutorial 
solutions, reasoning that this would assist them in preparing for the examinations, the 
release, in fact, did not improve students’ results in the final examination (Monem 
2007:139). 

Research by Jackling and Calero (2006) confirmed the impact of students’ intention to 
become a chartered accountant on their motivation and success. In the South African 
context, recent research includes a study by Koch and Kriel (2005) on the need to integrate 
language and language-related skills into the Accounting curriculum, the role of teaching 
versus learning styles in a comparative study by Visser and Vreken (2006); and research by 
Sadler and Erasmus (2005) on factors influencing the success and failure of black chartered 
Accounting graduates in South Africa. Sadler and Erasmus’s (2005) study confirms the 
need identified by Du Plessis et al. (2005) for students to have a clear understanding of 
possible risk factors, as well as an understanding of what exactly is expected of them. 

An interesting element that emerges from these literature reviews is what institutions do 
with these research findings. So, for example, the Napier University of Scotland has 
identified a number of factors as risk indicators (Simpson 2003:17-19). These factors 
include age, previous educational qualifications, type of accommodation, term-time job 
hours (if any), commuting time, financial worries, family expectations of students and other 
factors. Students are interviewed in the early stages of their enrolment. They are assisted in 
adapting their time management and resources according to their risk profile. 
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The Open University has a similar system in place, where students complete a 
questionnaire upon registration (Simpson 2003:19-20). The rationale for completing the 
questionnaire is 

 to help the student to become aware of the factors which may affect his or her 
performance; 

 to identify factors which might apply to the particular student; and 
 to point to actions which the student might be able to take to improve his or her chances 

of success. 
There is ample evidence that research findings such as the above can assist institutions in 
increasing the retention rate of students. More important, though, is the fact that, if students 
have access to such findings (such as the risk attached to their personal success profile, 
measured against an established success profile for each course or subject), they may be 
more conscious of and responsible in the decisions they make with regard to the types of 
course and number of courses they register for, the time they allocate to their studies and so 
on. 

A preliminary profile of a successful first year Accounting student was determined by Du 
Plessis et al. (2005) in their earlier study. That study indicated that the validation of their 
success profile was of paramount importance to both students and institutions. As 
mentioned earlier with reference to Simpson (2003), future career development and 
planning for the student on the one hand, and more effective departmental and institutional 
development and planning on the other hand, can benefit from the availability of a reliable 
risk estimator. Validation would lead to a more accurate estimator. This article discusses 
such a validation. 

The methodology, approach and analysis strategy followed, and the results obtained are 
outlined in the remaining sections of the article.  

3 Background on and findings pertaining to the initial and 
continued research  

The primary goal of the initial research project by Du Plessis et al. (2005) was to identify 
the potential attributes and characteristics of successful first year Accounting students and 
to distinguish those characteristics that are typical of those of students who do not pass. 
Based on a literature review, as well as the personal experience of the authors of the current 
article at Unisa, a list of potential characteristics was compiled. Applicable biographical 
attributes and examination results were then extracted from the Unisa Student System. The 
focus was the first year Accounting students of 2004. The examination results of their 
introductory module, coded as ACN101-M, were included in the database and regarded as 
the dependent indicator of success or failure. 

In the initial study, the SAS statistical package, Version 8.4, was used to identify and 
separate influential characteristics from the list of probable success attributes. A simple 
statistical cross-classification methodology was applied for this purpose. In addition to the 
significant success attributes that were identified, the importance of the interaction between 
the identified characteristics also became apparent (and it motivated the researchers to 
explore more appropriate analysis methodologies in further research). Students who were 
potentially successful (or at risk) could then be identified via level combinations of the 
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identified success characteristics. (The next section of this article explains these level 
combinations in more detail.)  

The analysis results of the initial research by Du Plessis et al. (2005) indicated that 
motivation, time management, and the age group into which the student falls, and whether 
or not the student was repeating ACN101-M, were predictors of the success rate in 
ACN101-M. The profile of potentially successful B Compt students is students who pass 
ACN101-M the first time they write exams, are younger than thirty and manage their time 
effectively (study part-time). 

The initial study by Du Plessis et al. (2005) therefore established the success 
characteristics and the interaction between them. There was, however, a need to validate the 
initially established success profile (and at risk profile) and in the current study the 
researchers pursue more accurate analysis methodologies that will acknowledge the 
interaction element involved in the profiling of first year Accounting students who may be 
successful or who are at risk. The obvious choice and the dependent measure of success 
again proved to be ACN101-M exam results, categorised according to whether students 
‘fail’ or ‘pass’. The 2004 student information taken from the Unisa Student System in the 
initial study was again analysed in the validation analysis. The list of potential predictor 
variables analysed in the current follow-up study included the following. 

 gender; 
 home language; 
 prior subject-specific knowledge as reflected in selected Grade 12 examination marks; 
 the number of times the student had repeated ACN101-M ; 
 time management, as reflected in occupational categories of full-time and part-time 

students (it was argued that time management could be measured in terms of 
occupational categories; so students were classified as part-time students, with an 
implied responsibility to manage their time, if they were employed while studying; or as 
full-time students, if they were unemployed with more leisure time on their hands); 

 motivation, as represented by the degree category for which the student was registered 
(motivation was taken to be reflected in the degree the Accounting student had 
registered for). Degree was categorised according to B Compt, B Com and other 
degrees for which first year Accounting was a prerequisite. It was argued that a B 
Compt student would be more motivated as he or she aspires to a future professional 
career as a chartered accountant (CA), as opposed to students taking B Com and other 
degrees, where students have no choice but to take first year Accounting and may 
therefore be less motivated to achieve success. Degree-linked motivation was therefore 
incorporated by classifying the degree variables according to B Compt, B Com and 
other degrees. A recent study by Jackling and Calero (2006) found that students’ 
performance in first year Accounting was an indicator of their intention to continue their 
studies to become CAs; and 

 age group, where students were classified as younger or older than 30.  
In the continued research, both the SAS (Version 9.1) and the SPSS statistical packages 
were used to perform statistical analyses. 
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4 Rationale for the need for validation and the implications 

thereof for the methodology 
In the initial exploratory analysis motivation, as reflected in the degree for which a student 
is registered, emerged time and again as a major factor in predicting ACN101-M success 
(Du Plessis et al. 2005). In the earlier study, interaction between motivation and the 
other identified potential success predictors listed was therefore investigated. The 
interrelationships were analysed one at a time, and each time motivation was incorporated 
in conjunction with one of the other potential predictors. Multi-way frequency tables and 
relevant chi-square tests were used. This method allowed pair-wise comparisons between 
potential predictors of success or failure. The preliminary success profile mentioned in the 
preceding section emerged. 

Numerous literature studies and experience indicate, however, that in real-life situations, 
various influences contribute simultaneously to and affect the phenomena studied. This is 
illustrated in reports such as that by Hall (2001). This observation, which supports the use 
of a holistic approach, holds true for the first year Accounting problem as well.  

In order to reflect real-life situations accurately, and at the same time validate the initial 
success profile, a more appropriate statistical technique was sought. A simple classification 
and segmentation technique based on statistical principles was identified as an analysis 
technique which would recognise the importance of incorporating the joint effect of all 
identified potential predictor variables of pass rate simultaneously into one model. The Chi 
Square Automatic Interaction Detector (CHAID) technique proved to be ideally suited to 
the accounting data. The technique is discussed in the next section. 

5 The CHAID analysis methodology 
The CHAID technique was first developed by Kass (1980). CHAID analysis in this study 
was carried out with the assistance of an add-on to the SPSS statistical software program, 
AnswerTree. The results are discussed in the next section. 

CHAID is a relatively simple multi-variate classification and data-partitioning technique 
(Eherler & Lehmann 2001:2). It was developed to study the relationship between a 
dependent variable (in this case, represented by the categorical pass/fail examination results 
variable) and a series of predictor variables (scale and/or categorical variables, represented 
in this instance by the list of probable predictor variables). The technique automatically 
selects those predictor variables that optimally and significantly predict the dependent 
variable. The technique works very well on large data sets (N=7580 in the current research) 
with many predictor variables which fit the data description of the Accounting data set. 

The data-partitioning process is based on the following principles:   
 The prediction model which emerges is presented in the form of a classification tree 

which is referred to as a decision tree. 
 The method is a stepwise process and starts off with the root or ‘trunk’ of the tree, 

which includes the set of all respondents in the study, partitioned according to the levels 
of the dependent variable. In the current study, the   ‘pass’ and ‘fail’ levels of the 
examination results variable represent the dependent variable levels. This step is 
illustrated in the diagram below (Figure 1). 
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Figure 1 Step 1 

 

Step 1: All respondents 

Node 1 
ACN101-M pass rate 
 
pass              : 2278 
fail                 : 5312 
pass/fail ratio =  0.43 

 In the next step in the process, the probable predictors are automatically evaluated to 
determine whether the initial dataset can be split into subgroups, with the ‘best’ 
predictor variable acting as a ‘splitting agent’. Partitioning has to be carried out in such 
a way that the most distinctive and significantly different subgroups in respect of the 
dependent variable emerge. The partitioning of the data into subgroups is referred to as 
‘branching’ and the subgroups as ‘branches’ or nodes. The diagram below illustrates the 
principle (Figure 2). 

Figure 2 Step 2 

 

Step 2: Degree: optimal data partitioning, based on the pass/fail rate dependent 
variable 

Node 1 
ACN101-M pass rate 
 
pass              : 2278 
fail                 : 5312 
 
pass/fail ratio =  0.43

Degree.  ; prob.(chi-sq= 238.4643) = 0.0001 

Node 2 Node 3 
B Com, other degree B Compt degree 
  
pass              : 1688 pass              : 590 
fail                 : 4689 fail                 : 623 
  
pass/fail ratio =  0.35 pass/fail ratio = 0.95 0.95
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 In subsequent steps, the preceding step’s subgroups are again investigated to determine 
which predictor variable then acts as the optimal splitting agent (if such an agent exists), 
to once again split the subgroup into the most distinctly different and significant 
subgroups in respect of the pass/fail levels relating to the dependent variable. 

 At each step/branching in the process, chi-square tests are calculated to determine 
whether the splits are significant. A significance level of 1% was decided on (α=0.01). 

 The process continues until one of a number of stopping mechanisms is encountered.  
 Before embarking on the partitioning process described above, CHAID evaluates the 

categories of each potential predictor variable (such as the B Com, B Compt and other 
levels of the degree-motivational predictor) and merges categories into combined 
groups if they are judged to behave similarly with regard to the dependent variable (the 
ACN101-M) pass/fail rate in this instance). It maintains categories that are dissimilar. In 
the decision tree depicted in Figure 1, a combining of the mentioned degree levels 
would be noticed.  

Why is segmentation or partitioning used? Segmentation analysis has proved to be useful in 
the current study to answer questions such as the following. 

 Which attributes (or predictors) most strongly define the segmentation of ACN101-M 
students? 

 Which combination of levels of the identified attributes defines student groups most 
likely to succeed in ACN101-M (Established by means of an identification of student 
groups with a high pass/fail ratio.) 

 Which combination of levels of these identified attributes defines student groups at risk 
of failing ACN101-M (Established by means of an identification of student groups with 
a low pass/fail ratio.) 

The structure of the decision tree assists in answering these questions. By following 
branches of the tree from any given point, back to the top/trunk of the tree, different 
combinations of characteristics that best define specific target groups can be derived (for 
example, the most successful group of students). The results of a CHAID analysis 
conducted on the ACN101-M data are presented in a decision tree in Figure 3. 
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Figure 3 CHAID decision tree for the ACN101-M success or failure rate 

 

6 Analysis results and interpretation 
Figure 3 displays the CHAID model for ACN101-M pass/fail ratio. The tree can be 
interpreted at each branch or node, as follows: 

 Motivation (degree) splits the ACN101-M students on the basis of the pass/fail rate in 
Node 0 into two distinct, significantly different groups. The pass/fail ratio for B Com 
and other degree students reported in Node 1 is 1688/4689 = 0.359, as opposed to the B 
Compt ratio of 0.95 displayed in Node 2. (Note that B Com and other students have 
been merged into one category, as discussed in the previous section. The two categories 
react in a similar fashion regarding their pass/fail rate.) This split is the primary split, 
and indicates that motivation is the most important lead in the success profile chain. The 
pass/fail ratio for B Compt students is substantially higher than the ratio for the ‘other 
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degree’ category. A highly significant chi-square value of 238.46 justifies the 
partitioning at this level. 

  ‘ACN101-M repeats’ splits the B Compt subgroup (Node 2) into two distinct and 
significantly different nodes, namely those not repeating ACN101-M and those 
repeating it (Nodes 5 and 6) with regard to the pass/fail ratio. The pass/fail ratio for non-
repeaters is 1.21, as opposed to a ratio of 0.65 for repeaters. The predictive effect on 
ACN101-M success is obvious. The chances of passing ACN101-M are higher the first 
time students write exams. The pass rate drops when students repeat ACN101-M.  At 
this stage one would be able to deduce that, compared to the other motivational 
category; more B Compt students pass the first time they write ACN101-M. 

 Similarly, the predictor ‘age group’ splits the B Com and ‘other degree’ category (Node 
5) into an age group of younger than 30 and a group of older than 30 (Nodes 11 and 12). 
A significant chi-square value of 7.0471 indicates that the groups are significantly 
different with pass/fail ratios of 1.32 and 0.78 respectively. The younger group proves 
to be the more successful group. 

 At the next level, time management (occupation) splits B Compt students into 
significantly different full-time and part-time student groups (Nodes 15 and 16) with 
pass/fail ratios of 1.44 and 0.84 respectively. People who have to manage their time and 
plan ahead seem to be more successful. 

  When the branch of the decision tree is traced back from the part-time node to the 
original node, the profile of the successful ACN101-M student emerges. 

The profile of the successful ACN101-M student identifies  
a motivated student (B Compt); 
a student who is not repeating ACN101-M; 
a student who is younger than 30; and 
a student who manages his or her time effectively (part-time student). 

The profile of a student at risk can similarly be derived from the decision tree. The risk 
student profile can be identified by linking the branch nodes with the lowest pass/fail ratios, 
namely Nodes 1, 4 and 10.  

A student at risk is a student who is 
 studying a  B Com or ‘other degree’; 
 older than 30; and 
 repeating ACN101-M. 

Furthermore, general trends which provide useful managerial empowerment information 
can be established. 

 age: in general, the pass/fail ratio is higher for younger students than for older ones; 
 time management: students studying part-time have a higher pass/fail ratio than full-

time students; and 
 ACN101-M repeats: the pass/fail ratio for non-repeating students is higher than for 

those repeating ACN101-M. 
Once a profile has been established, the question of reliability and validity of the model 
arises. An indication of how well the model performs in identifying and predicting future 
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ACN101-M success and failure students can be obtained by examining the risk statistic 
provided in the CHAID analysis. The risk estimate gives the proportion of students 
classified incorrectly by the model. The risk estimate was calculated as 0.288. Thus, in 
more than 70% of the cases, CHAID predictions will lead to the correct classification of 
students as either to be at risk or successful. 

Cross-validation (which performs CHAID analysis on subgroups of the student 
population to evaluate model consistency) produced an average risk estimate of 0.284, 
which compared favourably with the risk estimate of the entire ACN101-M student sample. 
The model could thus be regarded as adequate and consistent. 

7 Conclusions and some recommendations 
Influential predictor variables were readily identified by means of the CHAID analysis. The 
combined effect of these predictors on first year Accounting achievements could also be 
established, because the technique is holistic. The fact that the joint effect of the variables 
on success rate was evaluated means that the technique also reflected real-life situations. 
This increases the credibility of the emerging success profile. In addition, a profile of the 
student at risk could be established.  

The CHAID analysis technique proved effective and applicable to the success profiling 
problem, rendering a reliable and valid predictor model of success and failure. CHAID was 
able to classify successful and unsuccessful ACN101-M students in a simple and clear-cut 
way. 

The success profile determined by the CHAID analysis confirms and validates the 
preliminary profile established in the earlier study by Du Plessis et al. (2005). In that study, 
the profile was determined using two-way frequency tables and chi-square tests which 
involved a different analysis approach. Validation of the profile was thus established in a 
scientific way. Profile validation, resulting in a reliable ACN101-M success model, which 
was an important research goal of the study, was achieved. 

The value of research becomes apparent only once the findings have been implemented 
and incorporated into institutional functioning and planning. By implementing the validated 
success and risk profiles in future departmental planning, the through-put rate of ACN101-
M can be accelerated. An accelerated through-put rate would in turn have positive financial 
implications for the broader institution and its students. 

The question of how to implement findings was raised in the introduction. Interviews 
such as those done at Napier University in Scotland at the early stages of student enrolment, 
and risk scoring, calculated on the basis of the answers given by students completing a 
questionnaire (Simpson 2003:19-20), are working examples of practical support from 
which both the student and the institution can benefit greatly. The types of factors identified 
in the current study can easily be addressed in interviews (for possible filtering and 
redirection to bridging or alternative courses) and questionnaires (for risk profiling once 
students have been accepted into the ACN101-M module). 

Age, the type of degree, whether a student is studying part-time or full-time and the 
number of times a student has repeated ACN101-M are all easily accessible information 
items. A student who sensitised to his or her risk or success profile is possibly more likely 
to become a more determined and motivated student.  

Meditari Accountancy Research Vol. 15 No. 1 2007 : 19-33 
 

31 



Validating the profile of a successful first year accounting student 
 

An added benefit could be that students diverted to more manageable bridging or 
alternative courses during registration could become motivated and inspired students once 
they experience success in manageable courses. Implementing these measures deals 
effectively with a very important aspect of essential support to students, as addressed by 
Dodgson and Bolam (2002:12) in their report, with obvious financial benefits to the student 
and the institution in terms of through-put versus attrition rates. 

Validation of the profile of a successful first year Accounting student proved to be very 
rewarding.  The ACN101-M success profile can now be presented with greater confidence. 
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